Early Identification of Autism Spectrum Disorder Using XGBoost and Convolutional Neural
Network with Magnetic Resonance Imaging Data
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METHODOLOGY: Training an XGBoost Algorithm to Classify MRI Brain Scans
A. Steps to Developing Algorithm '
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DISCUSSION

Potential: Highlights utility of developing age-
specific machine learning models for ASD on
children ages 2-5. Early MRI scans may
overcome the complexity heterogeneity in ASD.
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Relevance: Guide diagnosis, reduce wait-
times for assessment and access to services for
young children with ASD
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B. How XGBoost Algonthm Works Hyperparameter Train & Evaluate
N Tuning Model
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@@ ‘ , . Next Steps: (A) Evaluate model performance
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